
SAS Enterprise Miner Example for Predictive Modeling using High Performance Data Mining: 

 

Data: 

For this example the data is sampsio.hmeq. To create the data set, go to Enterprise Miner help, and click 

Generate Sample Data Sources. Select the Home Equity data source to load. The target is the binary 

variable BAD, which indicates home loans that were defaulted upon. 

 

Goal: 

The goal of this flow is to use SAS Enterprise Miner to create a predictive model for a binary target using 

high-performance data mining nodes. In this specific flow, the modeling task is to create a model to 

determine which home loans will be bad loans. If you have setup a grid environment, the nodes in the 

diagram will run in a distributed computing environment, enabling you to train and assess a predictive 

model using a large number of observations and variables in a very short period of time. 

 

Flow: 

The IDS (Data Source) node is connected to the HP Data Partition node. The HP Data Partition node in 

this example is changed from default so that 70 percent of the data is used for training, while 30 percent 

is used for validation. It is important to consider the properties of the data, such as how rare the target 

event is when choosing the split between training and validation. Having too few targets in either the 

training or the validation can lead to poor models. 

 

It is important to have a HP Data Partition node in every predictive modeling flow. The training data is 

used to build a model, while the validation data is used to avoid over fitting in the final model. 

 

After the HP Data Partition node, you can create a diagram with many models. In this example three 

high performance modeling nodes were used with default options: HP Regression, HP Neural, and HP 

Forest. You can add as many high performance modeling nodes as your data mining task requires. Same 

as any SAS Enterprise Miner node, you can change the default options of the modeling nodes in this 

diagram to create additional models. 

 

It is very important to account for missing values. Some nodes, such as HP Forest, can interpret and 

include missing values in the model. Other nodes, such as HP Regression and HP Neural, should be 

preceded by a HP Impute node so that missing values are imputed and observations are not excluded 

from the analysis. 

 

The HP Impute node replaces missing values based upon certain rules. By default, this node replaces a 

missing class variable with the most common level, and a missing interval variable with the mean. 

 

It is also a good practice to include a HP Variable Selection node before a HP Neural node, especially if 

your data has a large number of variables. In the case of the Home Equity data, the number of variables 

is not large and this step was omitted. In cases with a larger number of variables, using a HP Variable 

Selection node will help the HP Neural run more efficiently by selecting the most important variables. 



 

To assess your diagram flow and to score new data, you can use the Model Comparison node and the 

Score node. Connect the models in your diagram to the Model Comparison Node. The Model 

Comparison Node compares all the input models and selects the best one according to a selection 

statistic. By default, lowest validation misclassification is used for this example. Remember to specify a 

selection statistic that makes sense to your predictive modeling goals. 

 

To score new data, you need to connect both a Model Comparison node and a new data IDS node to a 

Score node. In addition, the IDS node role must be specified as Score. With these two elements, the 

Score node will use the model selected by the Model Comparison node to score the new data set. For 

this particular example, the IDS data source to be scored is the same data set as the Input Data (Home 

Equity data) for demonstration purposes, but this should not be the case in real world scenarios. 

 


